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Goal Method
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B Two challenges
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Euclidean General

e principal component analysis (PCA)

 analysis of variance (ANOVA)

* redundancy analysis (by correlation)

— magnitudes of channel changes  — variational path integration

Applications Distance pursuit
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Remote Sensing

Standard correlation matrix of IR channels

I'-BDES of channels based on standard correlation matrix (r=0.990)

0.6

50

m-
Euclidean 200 '

100 150
Measure in use: Euclidean distance

DP(xj,xi)
(Euclidean illustration)
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distance - Global DP using Minkowski metrics leads to standard variance.
— DP using Pearson correlation is similar to DP using y-divergence.
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| _ Partial generalized correlation:
Spectral channel variance / eigen structure
Standard correlation || 80% | 9% | 5% | > =94% R = Vi / \/ Vi - Vi
Partial correlation 78% 8% 3% =89%
Partial meta-correlation 36% | 20% | 9% 2:65%
Food analysis Pixel and channel variability -
Conclusions
Measure Formula d(x, w) =
Minkowski distance (X0 g — w;|P) /P Measure-specific attribute assessment by path integral of its derivatives.
Pearson correlation / --\/-qi“_]ff;!.‘é;‘i‘i}z Attribute redundancies are a matter of distance measure.
f‘*l,f-divergeﬂce <x’r+1’1}1fﬁ-h—+1b?,i,tf,.’r+1’1}13(ﬁ'+1} .
w7 T Partially connected data - local contrast enhancement.
y=0.1 . . . .
— Generalized covariance time complexity: O(t-n*-d?).
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